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Interactive Genetic Algorithm using Initial Individuals Produced by
Support Vector Machine
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In this paper, we proposed IGA which learns users’ taste and generates initial individuals based on the users’

taste. The Support vector machine (SVM) which has the superior pattern recognition performance is used as how to

learn the users’ taste. Based on the evaluation of a user, SVM separates design variable space into the user’s taste

domain and the user’s non-liking domain. The initial individuals which suit the user’s taste are generated from the

user’s taste domain. The system for coordinating clothes was constructed using the proposed method. We conducted

experiments to verify the effectiveness of the proposed method, and found out that it was effective in relieving user’s

psychological burden.

In addition, it is thought that collaboration of the user’s own and the other user sensitivity is realized and

the user’s idea generation can be supported. We conducted experiments to verify effectiveness to generate initial

individuals based on the other user’s taste, and found out that it was effective in supporting the user’s idea generation.

Key words optimization, interactive evolutionary method, interactive genetic algorithm, support vector

machine
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Fig. 2. Flowchart of IGA.
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Table 1. Sign test of the suggestion system and the

conventional system.

Evaluation item Significance probability

Item 1 0.00311

Item 2 0.00519

Item 3 0.00046
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Table 2. Sign test of MTOS and STOS.

Evaluation item Significance probability
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            for coordinating clothes.

Fig. 5.  Interface of learning data.
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